44.006 — University of Seoul, Spring 2026

Lecture 5: Empirical Process: Applications to Asymptotic Analysis
June, 1, 2026

Lecturer: Jong-June Jeon Scribe: Jong-June Jeon

1 Persistent Estimator
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2 High-Dimensional Generalized Linear Models and the Lasso

2.1 Hoeffding’s lemma
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E[Y;] = 00|22 Z} &0l| Hoeffding's lemmaS HESILF.
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2.2 Concentration inequality
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